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Executive Summary
Data is a crucial component to successful marketing, and has been 

since the industry’s birth. Now, as mobile devices and social media 

become more essential to daily commerce, the amount of data 

available on consumer behavior grows exponentially. Forget big. Data 

is now officially huge. 

 

•   How does this new information change the role of the marketer? 

•   What must marketers do to keep skills and campaigns up to date? 
 

Smart marketers capitalize on newly available data and use novel 

analytics techniques to transform information into a profitability tool 

that increases ROI. Brilliant marketers ensure that these analytics 

techniques don’t crowd out common sense judgments that lead to 

embarrassing oversights.
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Introduction
Budget allocation is one of the biggest headaches in marketing. How 

much money do you put where, when and in what proportion? How 

do you know your efforts actually drive sales? What media platforms 

work best? 

 

Marketers have been known to scrutinize monthly audits and 

information about who’s setting up new accounts for answers to these 

questions. Today, such methods no longer tell you enough, nor can 

they do so with sufficient speed. 

 

Contemporary marketers need to know more, and they need to know 

more quickly. Convertro, a Santa Monica-based ad analytics firm, 

manages the ads that run during the Super Bowl. They guarantee 

performance reports at 8AM the morning after the game1. If you’re still 

poring over last year’s key performance indicators figuring out what to 

do next, you’re already late to your own game. 

 

 

How much time did buyers spend at a particular page on your 

company’s site this week? How long did they look at a given ad? 

Beyond what you can glean from user behavior on a company 

site, what are product reviewers saying on third party sites? What 

are people saying on social media? These are the new and crucial 

questions.  
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The answers do exist. In 2003, market researchers had access 

to about five billion gigabytes of data on business and consumer 

behavior according to DataMentors, an analytics firm. That number 

has since quadrupled to the 23 billion gigabytes now available.2  

 

The problem is that these answers are buried in unfathomably large 

amounts of noise, or unhelpful information, produced every day by 

your company’s site and social media networks like Facebook and 

Twitter. One term for the challenge of separating useful insights from 

informational fluff is big data analytics.

2012 201820172016201520142013

U.S Internet Users

U.S House with FIxed
Broadband

U.S Mobile Phone Users

237.7 274.1269.7264.9264.9252.9246

85 96.894.9939188.986.8

242 268.2264.6261.2257.3252.4247.2

 *in millions

Quarter
Year

U.S Retail
E-Commerce
sales (in billions)

Q3
2012

Q1
2014

Q2
2014

Q3
2014

Q4
2013

Q3
2013

Q2
2013

Q1
2013

Q4
2012

$52.4 $66.9$ 70.1 $71.9$83.7$61.9$60.5$58.2$72.1

Source: Emarketer Data Atlas and U.S. Census data. Web. 2014.  
<http://www.emarketer.com/Corporate/Products#Section=DigitalWorldAtlas>

Source: U.S. Department of Commerce. “Estimated Quarterly U.S. Retail Sales: Total and E-Commerce.” Web. 
2014 <http://www.census.gov.retail/mrts/www/data/pdf/ec_current.pdf
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What makes data big?
In the 1980s, big data was the IBM 3850 Mass Storage System. 

3850s resemble a room of about a dozen refrigerators. Columbia 

University social scientists stored the 1980 U.S. Census on one 

of these systems. It required a storage library of about 2,000 data 

cartridges. Each held about 50 megabytes.3 

 

Today, any consumer with about $1,000 and Internet access can 

buy a flash drive that holds a terabyte of data. It’s the size of a Pez 

dispenser and has a keychain connector. A terabyte is about ten 

times what Columbia University needed an entire lab to store just 

decades earlier.4

Perhaps contrary 
to what it sounds 
like, big data 
isn’t defined by 
quantity alone.

Big data usually refers to an amount of 
information so large that existing technologies 
have trouble storing it, recalling it in a timely 
fashion and making sense of it. Datasets of 
this size challenge us to devise new ways of 
managing and understanding ever-expanding 
bodies of information.  
 
This means building new machines for some. For 
others, it means buying or writing new software 
algorithms that slice and dice information in new 

and creative ways that make it more useful. 
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Who cares about big data?
Nationally, internationally and in a variety of industries, the practice 

of big data analytics has caught a lot of peoples’ attention. And those 

people will likely increase spending on related projects over the next 

few years. 

 

Analytics startups have recently received hundreds of millions of 

dollars in investment capital. The ten most handsomely funded new 

firms of this type accrued a total of $797.5 million in venture capital 

during the first three quarters of 2013 alone, according to one recent 

analysis.5 

 

Older and more established companies are also directing 

considerable amounts of cash in this direction. New Vantage Partners 

recently asked 125 Fortune 1000 business executives—78% of whom 

work in the financial services sector—about the use of data analytics 

techniques at their firms.6 82% of interviewees said they considered 

big data “highly important or mission-critical.”  

 

New Vantage’s report projects that analytics expenditures on 

investment monitoring projects will “grow from 35% to 75% by 2017 

for investments greater than $10MM, and by an astounding 6% to 28% 

for investments greater than $50MM.” 

What about the technology sector? Tech consulting firm Accenture 

Analytics conducted a separate survey of corporate attitudes toward 

big data this April. While thematically similar to New Vantage’s, this 

second piece of research casts a wider geographical net. 

 

Accenture interviewed over 1,000 executives working in 19 countries 

at companies that report annual revenues of over $250 million. 83% 

of respondents said they recently “pursued big data projects in order 

to seize a competitive edge.” They also asked interviewees if they 

planned to “build out or increase their current data science expertise 

soon.” 91% of respondents said they would.7
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Big datasets in marketing 
analytics: 
Three no-nonsense case studies 
What do people actually do with these datasets once they have 

invested time and money into developing the capacity understand 

them? Here are three types of marketing analyses that use big 

datasets, with examples of what they do, followed by concrete 

explanations of what purposes these analyses serve. 

 

 
•   Search Term Analysis 
Some search engines track the frequency with which Internet users 

enter various search terms. Google makes that data available through 

the free service Google Trends. Journal of Marketing Research this 

year published a study of sales data on 21 popular automobile models 

between 2004 and 2012. It combines that output with Google Trends 

data on searches related to those same vehicles.8 
 
A comparison of sales and keyword search data helps distinguish 

which adverstisements are capable of generating enough consumer 

interest in a given product that consumers themselves take the 

initiative to find out more information about that product on their own.  

 

This comparison also shows which of these advertising techniques 

more consistently converts “information-seeking consumers into 

buyers.”  

 

The study finds that ad campaigns can seldom accomplish both of 

these tasks with a single, blunt instrument. Rather, advertisers must 

approach these two problems separately and with different strategies.
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•   Market Basket Analysis 
Market basket analyses help marketers understand which products 

consumers tend to buy in which combinations during a single 

shopping trip. These analyses help develop marketing campaigns 

that increase up-sells and cross-sells. 

 

Two Chilean scholars this year developed a hunch that the market 

basket analysis methods currently popular among retail experts lose 

efficacy as the number of analyzed transactions grows.9 A technique 

known as graph mining, they suspected, may produce better results 

when analyzing bigger datasets. 

 

The scholars tested their graph mining algorithm on a dataset of 

over 366 million transactions at two Chilean supermarkets. These 

transactions involved a total of about 2.1 million shoppers and about 

42,000 different products. Using this graph mining technique, the 

scholars identified 30 common product clusters where traditional 

industry analyses found only two. 

 

 

 

 

 

 

•   Social Network Analysis 
Social network analyses scrutinize interpersonal relationships and 

the power dynamics of social groups: which individuals define 

norms, which straddle multiple groups, and which reside near a 

given network’s center versus the peripheries. Social media’s rise to 

prominence offers volumes of new data for this species of analysis. 

 

In a 2013 blog post, Andrew Lamb of digital marketing firm 

Econsultancy describes how his organization employs analyses of this 

type. In most social networks—corporations for example—“influence 

tends to map loosely… onto rank and positions of authority,” he 

explains. Influence behaves differently in online social media 

networks, according to Lamb, and “is much more about platform-

specific qualities such as the quality of the content you share.” 

 

Econsultancy finds people on various networks that consistently 

share influential content. The firm then emulates the characteristics of 

that content when producing its own. They apply this strategy across 

various networks and network subgroups in order to maximize the 

exposure their content receives.10
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CAOs crunch the numbers
These analytics techniques have become so common that, as Forbes 

and Computerworld observed, many firms have created positions for 

CAOs (chief analytics officers), specialists that concentrate solely on 

carrying out analytics tasks.11, 12  

 

CAOs figure out how best to capture information various parts of a 

firm produces, and how to get more and better meaning from that 

information. Then, they take that information, wrap it up in a coherent 

package and present it to decision makers elsewhere.

123
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Good marketing keeps clients out 
of the crunch
Analytics, however, cannot account for all phenomena. Colin Strong 

of GFK Business & Technology for this reason argues that “marketers 

need to start the fight back against a purely technology driven 

agenda.”13 

 

Big data permits businesses to make big claims regarding the 

knowledge of their client base. Things may come apart, however, 

when and if the applications of those insights misfire . Some argue that 

too heavy a reliance on analytics may make clients and customers 

feel like fodder to a machine that understands them quite like a two-

legged checkbook. This is obviously an undesirable side effect. 

 

In 2002, The Wall Street Journal told the story of a self-identifying 

“straightest guy on earth,” and his TiVo service.14 TiVo persistently 

recommended programming he believed to be geared toward a 

gay male audience. He tried to fix the problem by downloading 

war documentaries and other materials some would associate with 

heterosexual men. His TiVo then reassessed him as a “crazy guy 

reminiscing about the Third Reich.” It then began recommending 

shows about Nazi Germany almost exclusively. 

 

 

 

 

Many of the qualities that make a good CAO also make a good 

marketer. Their responsibilities will overlap more and more as time 

progresses. At the same time, the qualities of more traditional 

marketers can more effectively help firms avoid depersonalizing 

clients and customers (as did TiVo in the example above) in a 100% 

analytics-driven approach.
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